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Abstract 

Does exposure to violent conflict increase support for government surveillance? Although this 
question has been investigated in Europe, North America, and Asia, there is a notable lack of 
research examining it in fragile settings characterised by a high incidence of violent conflict. To fill 
this research gap, this study uses Afrobarometer survey data (N=3,200) collected in Nigeria, one of 
the world’s most fragile states. Regression analysis reveals that as exposure to violent conflict 
increases, Nigerians become less supportive of government surveillance. Notably, this pattern 
contrasts with findings from non-African contexts, where exposure to violence is associated with 
greater acceptance of security-driven infringements on civil liberties. I argue that the pattern 
observed in Nigeria is driven by distrust in state institutions, weak civilian protection, and coercive 
state practices. Moreover, because the civil liberties of individuals in fragile contexts may already be 
undermined by curfews, military checkpoints, and a heavy security presence, citizens may be 
reluctant to grant the government additional leverage by ceding surveillance powers. The results are 
robust across alternative measures of conflict, different estimation methods, and an extended 
analysis using survey data from 36 African countries (N≈94,000). These results suggest that in fragile 
settings where the state is often viewed with suspicion, attempts to pursue intrusive surveillance 
policies as a security measure are unlikely to gain wide acceptance because citizens view them not 
as a means to security but as an additional threat. 
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1. Introduction 

How do citizens perceive government encroachments on their civil liberties in the form of 

surveillance when these are framed as security measures? Does exposure to violent conflict 

make people more or less willing to tolerate such infringements? Although some studies have 

shown that citizens become more supportive of government surveillance when faced with 

security threats – especially when such surveillance is portrayed as a security measure – most 

of this research has been conducted in Europe, North America, and Asia (e.g. Davis & Silver, 

2003; Dietrich & Crabtree, 2019; Antoine, 2022; Su, Xu, & Cao, 2022; Arsenault, Kreps, Snider, & 

Canetti, 2024; Wester & Giesecke, 2019). This leaves a critical gap in our understanding of this 

relationship in fragile contexts such as Africa, which is characterised by a high incidence of 

violent conflict and low levels of trust in government. Highlighting Africa’s fragility, the Global 

Terrorism Index (GTI) shows that six of the 10 countries most affected by terrorism globally are 

in Africa (Institute for Economics & Peace, 2026). Likewise, data from the Worldwide 

Governance Indicators (WWGI) database show that sub-Saharan Africa recorded a political 

stability score of 53.27 in 2024, which was significantly lower than those for North America 

(74.29), Latin America and the Caribbean (70.94), and Europe and Central America (70.90).1 

This prevailing institutional fragility directly complicates how surveillance operates. In fragile 

contexts where the state is weak, citizens might not view the monitoring of private 

communications as a neutral security measure; instead they may fear that it may be 

weaponised by regimes to suppress dissent and curtail freedom of expression (Roberts & 

Bosch, 2021). This creates a paradox for citizens in fragile states. On the one hand, the digital 

space is a crucial tool for holding authorities accountable. On the other hand, the reality of 

constant violent conflict – as highlighted by the GTI and WWGI – may pressure these same 

citizens to tolerate state intrusion if they believe it is the only way to secure daily survival.  

To investigate this tension, the present study uses large-scale Afrobarometer survey data from 

Nigeria (N=3,200) – one of the most fragile states not only in Africa but globally – to examine 

the relationship between insecurity and citizens’ attitudes toward government surveillance. 

Subsequently, the study examines this same relationship in the broader African context using 

survey data spanning 36 African countries (N≈94,000). This dual approach makes it possible 

to determine whether the findings from Nigeria are generalisable. To measure surveillance 

attitudes, I rely on an item in the survey that asks respondents about their support for the 

government’s monitoring of citizens’ private mobile communications as a means of 

preventing violence. To measure insecurity, I employ a spatial approach using QGIS software 

that tallies the cumulative number of violent conflict incidents occurring within a 10-km radius 

of each respondent’s geolocation. These conflict data are drawn from the Armed Conflict 

Location and Event Data Project (ACLED) (Raleigh, Linke, Hegre, & Karlsen, 2010). 

Regression analysis shows that exposure to violent conflict is negatively associated with 

support for government surveillance in Nigeria and across the broader African context. 

Specifically, as exposure to violent conflict increases, citizens express greater opposition to 

government surveillance. An explanation for this observed pattern is that persistent violence 

reveals state weakness and incompetence. This, in turn, erodes trust in the government and 

makes citizens hesitant to grant additional powers to it, especially in situations where the 

government may have perpetrated some of the violence affecting them. Moreover, fragile 

contexts are often characterised by restrictions such as curfews, checkpoints, and a heavy 

security presence. Hence, individuals exposed to conflict may be hesitant to endure 

additional intrusions by the state into their private lives via surveillance. Taken together, these 

results suggest that, in fragile contexts where trust in the state is low, attempts by the state to 

implement intrusive policies such as surveillance may not be interpreted as a means to 

achieve security, but rather as an additional threat. 

 

1 The Worldwide Governance Indicators range from 0 to 100, with higher values denoting better governance 
conditions. To access this data set, visit https://www.worldbank.org/en/publication/worldwide-governance-
indicators/interactive-data-access. 

https://www.worldbank.org/en/publication/worldwide-governance-indicators/interactive-data-access
https://www.worldbank.org/en/publication/worldwide-governance-indicators/interactive-data-access
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The remainder of this paper is organised as follows: The next section sets the context by 

zooming in on the Nigerian case, discussing its security trends and the evolution of its 

democracy and providing a broad overview of the surveillance landscape in the country. 

The third section reviews the relevant literature and formulates the hypotheses. The fourth 

section introduces the data, operationalises the variables used in the regression analyses, 

and discusses the analytical technique. The subsequent two sections present and discuss the 

regression results, followed by a conclusion that summarises the findings and outlines their 

policy implications.  

2. Context: Insecurity, democracy, and the surveillance landscape                 

in Nigeria 

To justify this focus on Nigeria, it is crucial to provide background information on the security 

challenges facing the country, the evolution of governance, the ongoing tensions within its 

public sphere, and Nigerians’ perceptions regarding the relative importance of security 

compared to civil liberties. The GTI ranks Nigeria as the fourth country most affected by 

terrorism globally, with only Niger, Burkina Faso, and Pakistan performing worse (Institute for 

Economics & Peace, 2026). With a high incidence of violent conflict ranging from deadly 

clashes between nomadic herders and sedentary farmers over land and water resources 

(Tuki, 2025a; Koopmans, Meierrieks, & Tuki, 2026; Ugwueze, Omenma, & Okwueze, 2022) to 

ransom-driven abductions (Shola, 2022; Tade, Ojedokun, & Aderinto, 2020) and brutal 

attacks carried out by the radical Islamist group Boko Haram (Oyawale, 2025; Igboin, 2022), 

security remains fragile across the country.  

To address these widespread threats, the Nigerian government, through the National 

Communications Commission, announced in December 2009 that it was mandating all 

citizens with mobile phones to register their SIM cards. They were given a deadline, after 

which unregistered SIM cards would be disconnected from mobile-phone services 

(Vanguard, 2010; Onwumere, 2012). In December 2020, the Nigerian government once 

again mandated that all SIM cards be linked to subscribers’ national identification numbers, 

with unlinked SIM cards marked for disconnection (McSweeney, 2021; Guardian, 2024). 

Oyediran, Omoshule, Misra, Maskeliūnas, an Damaševičius (2019, p. 783) describe these SIM 

card-registration exercises as “a form of communication surveillance that requires the active 

participation of the individual with possible consequences (e.g. loss of access to the 

telecommunication network) for failing to comply.” Authorities have consistently framed 

these exercises as crucial countermeasures, arguing that they enable security agencies to 

function more effectively, especially by apprehending criminals (Federal Ministry of 

Communications and Digital Technology, 2021; Adeyemi, 2025; Adepetun, 2025). 

Yet these state-led interventions contrast sharply with public sentiment. Data from a 2024 

Afrobarometer survey show that citizens generally do not have much trust in formal security 

institutions or the government. Instead, they identified traditional rulers and community 

leaders as their first point of contact when in need of security assistance, with neighbourhood 

vigilantes coming in second. When asked how much they trust the police, 52% expressed no 

trust at all, while this figure for the military was much lower, at 18%. This scepticism extends to 

the central government, with 44% expressing no trust in the president and 45% expressing the 

same view toward the National Assembly. 

Surprisingly, despite this profound distrust, Nigerians attach more importance to security than 

to freedom. This is evidenced by data from Wave 7 of the World Values Survey (WVS) 

(Haerpfer et al. 2022).2 When asked whether security or freedom was more important to 

them, 71% chose security, while only 28% chose freedom. The same survey shows that 73% of 

Nigerians believe the government should have the right to keep people under video 

surveillance in public areas, and 48% believe the government should have the right to 

 

2 To access the World Values Survey (WVS) data set and survey questionnaire, visit 
https://www.worldvaluessurvey.org/wvs.jsp. 

https://www.worldvaluessurvey.org/wvs.jsp
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collect information about anyone living in the country without their knowledge. While it is 

plausible that Nigerians’ high willingness to trade their civil liberties for security reflects the 

severity of the security challenges they face, this finding is nonetheless striking because 

Nigeria is a young democracy that transitioned to civilian rule in 1999 after decades of brutal 

military dictatorship. This democracy was hard-earned, as the military was very reluctant to 

relinquish power (Agbese, 1990; Ihonvbere, 1996; Ogbondah, 2000; Olukotun, 2002). 

Indeed, since its independence from British colonial rule in 1960, Nigeria has spent more years 

under military rule than under civilian government. Following the country’s first military coup 

in 1966, which toppled the postcolonial civilian government, and except for two brief periods 

of civilian rule, the country remained under military rule until 1999, when the armed forces 

formally handed power over to an elected civilian government. Nigeria has remained under 

continuous civilian rule since then. The first civilian interlude lasted from 1979, when Shehu 

Shagari was elected president, to 1983, when he was overthrown in a military coup led by 

General Muhammadu Buhari. The second occurred from August 1993, when General 

Ibrahim Babangida transferred power to a provisional civilian government headed by Ernest 

Shonekan, to November of the same year, when Shonekan was ousted in a coup 

orchestrated by General Sani Abacha (Campbell & Page, 2018; Bourne, 2015; Falola & 

Heaton, 2008; Diamond, 1988). 

During those decades of military government, the junta ruled Nigeria with a heavy hand, 

tolerating no form of dissent. Press freedom was severely constrained, and individuals who 

criticised the government were routinely punished (Ngara & Esebonu, 2012; Olukotun, 2002; 

Ekwelie, 1979). The civic space in Nigeria today is more complex than it was during military 

rule, extending beyond physical spaces to include digital ones. But despite the transition to 

civilian government, vestiges of autocratic leadership persist, as evidenced by attempts to 

regulate civic spaces through legislation such as the Protection from Internet Falsehoods and 

Manipulations and Other Related Matters Bill and the Hate Speech Bill (Amnesty 

International, 2019). Oladapo and Ojebode (2021) observe that the lack of specificity in 

these bills renders them problematic, as they can be easily exploited to silence critical 

voices. 

The monitoring of civic spaces, particularly digital ones, has been facilitated by the 

expansion of digital surveillance technologies. In their contribution to a report on 

government surveillance in Africa, Allam and Oboh (2023) observe: “Under the pretext of 

curbing insecurity and extreme violence, the Nigerian government has deployed a massive 

wave of surveillance on citizens. Huge budgetary allocations have been approved by 

federal and state parliaments for the acquisition of intrusive spyware.” They further note that 

Nigeria spent more than U.S. $1.2 billion on digital surveillance technologies between 2008 

and 2021, making it Africa’s largest user. Demand for these technologies comes from the 

federal and state governments, law enforcement agencies, public and private financial 

institutions, and private businesses (Allam & Oboh, 2023). 

3. Theoretical considerations 

Research has shown that security threats can lead individuals to forgo some of their civil 

liberties in exchange for security. For example, in an experimental study conducted in the 

United States, Dietrich and Crabtree (2019, p. 346) concluded that “citizens respond to risk 

with an increased desire for security, even when that security comes at the expense of their 

individual freedoms.” Similarly, Davis and Silver (2003) examined survey data from the United 

States shortly after the 9/11 terrorist attacks and discovered that the greater the perceived 

threat, the more willing citizens were to trade their civil liberties for security. This effect was 

particularly strong among individuals with high levels of trust in the government. Moving 

beyond the American context, Su et al. (2022) conducted a study in China, revealing that 

trust in the government, satisfaction with the regime, and concerns about safety were all 

positively correlated with support for surveillance. Additionally, Antoine (2022) analysed 

survey data from 29 countries and found that, in democratic societies, there is generally 

public approval for government surveillance when it is justified by security concerns.  
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People’s willingness to trade their civil liberties for security may be linked to the rally-round-

the-flag effect, which refers to sharp increases in public support for national leaders during 

times of war or security crises. Feinstein (2020) explored this phenomenon in the United States, 

finding a surge in support for the American president following the 9/11 terrorist attacks. He 

identified three key factors contributing to this increase in approval. First, extensive media 

coverage of the attacks – often infused with emotion – amplified their significance in public 

discourse and framed the event as a national tragedy. Second, political elites set aside their 

differences, presenting a unified interpretation of the attacks that fostered a sense of 

national solidarity. Finally, the symbolic nature of the event triggered strong emotional 

responses, leading many citizens to rally behind the president in pursuit of the nation’s 

perceived greater good. In this context, the 9/11 attacks can be seen as a national 

humiliation that demoralised the population and heightened concerns about the country’s 

future. In contrast, the president’s rhetoric, which emphasised his determination to combat 

terrorism, offered a means of restoring national pride and honour, thereby reinforcing public 

support for his leadership (Feinstein, 2020). Similar evidence of the rally-round-the-flag effect 

has been observed among the Spanish population following the 11 March 2004 terrorist 

attacks in Madrid (Dinesen & Jæger, 2013) and among the Norwegian population after the 

Oslo and Utøya attacks in 2011 (Wollebæk, Enjolras, Steen-Johnsen, & Ødegård, 2012). 

In the Nigerian context, citizens generally recognise that it is the government’s responsibility 

to provide security. This explains why individuals usually blame the state for attacks 

(Akinselure, 2026; Atungwu, 2026; Onuado, 2026). Despite being critical of the government 

due to its inadequacies, citizens may support government surveillance if they perceive it as a 

means of helping the government more effectively fulfill its fundamental role of providing 

security. Indeed, a study by Harding & Nwokolo (2024) found that Nigerians may exhibit 

higher levels of trust in the government when exposed to terrorist attacks. If this is true, then 

greater exposure to violent conflict should make Nigerians more willing to allow the 

government to monitor their private communications as a means of forestalling violence and 

ensuring security. This expectation forms the basis of the first hypothesis: 

H1: Exposure to violent conflict is positively related to support for government 

surveillance. 

However, exposure to violent conflict could also diminish citizens’ confidence in the 

government, leading them to perceive it as weak and incapable of safeguarding the 

population, which could in turn make them hesitant to entrust their civil liberties to an 

incompetent state. Soifer and Vom Hau (2008, p. 220) argued that “high-capacity states are 

generally better equipped to establish a monopoly of violence, enforce contracts, control 

their populace, regulate institutions, extract resources, and provide public goods.” Likewise, 

Migdal (1988) observed that although many states in the Third World gained independence 

from colonial rule and achieved both local and international recognition, they remained 

fundamentally weak. These states struggled to implement policies effectively and lacked 

control over the diverse societies within their borders. As he aptly put it, “States are like big 

rocks thrown into small ponds: They make waves from end to end, but they rarely catch any 

fish” (Migdal 1988, p. 9). He further argued that a state’s strength or weakness is largely 

shaped by the structure of its society. Many Third World states were deeply fragmented, with 

power concentrated in local structures such as kinship groups and tribes. These entities often 

undermined state authority by providing essential services in ways the state itself could not, 

thereby eroding state capacity and increasing the risk of political instability. 

Against this backdrop, citizens may oppose government surveillance despite rising insecurity 

because they question the intent behind it. For instance, they may fear that such measures 

are not genuinely driven by a desire to ensure public security but rather are intended to 

monitor political opponents, activists, and critics of the government. Moreover, individuals 

living in areas with prolonged insecurity may already experience limited rights and liberties 

due to the imposition of curfews, checkpoints, and a pervasive security presence. Given 

these existing incursions, they may be hesitant to grant further leverage to the government 

by allowing it to encroach on their private lives through surveillance.  
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Beyond questions of state capacity, it is also imperative to point out that the Nigerian state, 

through its security agencies, has been involved in high-profile cases where violence has 

been directly perpetrated against citizens. An example is the #EndSARS protests in 2020, 

during which the military shot and killed several unarmed protesters who were demanding 

the disbandment of the Special Anti-Robbery Squad (SARS) – a special unit of the Nigerian 

Police Force – due to its corruption, abuse of power, and brutality primarily targeting young 

people (Etim, Duke, Fatile, & Akah, 2022; Ekoh & George, 2021; Aboh, 2024). Furthermore, in 

its counterinsurgency operations, the Nigerian military has been involved in several attacks 

that mistakenly targeted civilians, leading to concerns about the effectiveness of these 

operations (Okoli, Olaniyan, & Ayegbusi, 2024; Olaoluwa & Muia, 2023; Human Rights Watch, 

2023; Tuki, 2026). In addition, because terrorist groups sometimes infiltrate civilian populations, 

making it difficult for the military to distinguish civilians from insurgents, these operations have 

been marred by allegations of human-rights abuses and civilian targeting (Amnesty 

International, 2015; Dietrich, 2015). These events have further undermined public trust, making 

citizens reluctant to grant surveillance powers to the same institutions they view as corrupt 

perpetrators of violence. 

Additionally, in the Nigerian context, the relationship between violence and surveillance 

attitudes may be shaped by sectarian dynamics, because Nigerian society is polarised along 

ethnoreligious lines, and violent-conflict incidents may unfold along these same fractures 

(Scacco & Warren, 2021; Krause, 2018; Madueke, 2018; Harris, 2013). For example, studies in 

Nigeria have found that Christians are more likely than Muslims to interpret the two deadliest 

conflicts in the country – the Boko Haram insurgency and the violent clashes between 

nomadic herders and sedentary farming communities – through a religious lens. Given the 

association between the Boko Haram insurgency and Islam, Christians are more likely to view 

these incidents as attacks against their community rather than the nation (Tuki, 2025b; 

Christian Association of Nigeria, 2018a, 2018b). This subjective framing could undermine the 

rally effects that might otherwise lead to increased support for the state and government 

surveillance. Likewise, owing to the Muslim identity of nomadic pastoralists, Christians are 

more likely to interpret farmer-herder clashes as being caused by religion rather than 

competition over land and water resources (Koopmans et al., 2026; Tuki, 2025b).  

If the persistence of violence reveals state weakness, if Nigerians believe the state and its 

security agencies are complicit in the insecurity they are experiencing, and if 

encroachments on their liberties, such as curfews and security checkpoints, make them 

attach greater importance to their civil liberties, then exposure to violent conflict should 

make them more hesitant to allow the government to monitor their private communications. 

Furthermore, if they (particularly Christians) interpret violent conflicts as attacks not on the 

country but on their religious ingroup, then such opposition should be stronger among 

Christians than Muslims. This logic leads to the following two hypotheses: 

H2a: Exposure to violent conflict is negatively related to support for government 

surveillance.  

H2b: The negative relationship between violent-conflict exposure and support for 

government surveillance is more pronounced among Christians than among Muslims. 

4. Methods 

4.1. Data 

This study is based on data from rounds 7 and 8 of the Afrobarometer survey, conducted in 

Nigeria in 2017 and 2020, respectively.3 I relied on data from these particular survey rounds 

because they contain the question on government surveillance from which the dependent 

variable was derived. The data are representative of Nigeria’s population because 

 

3 To access the Afrobarometer data set and survey questionnaire, visit https://www.afrobarometer.org/. 

https://www.afrobarometer.org/


 

Afrobarometer Working Papers 

 

 

Copyright ©Afrobarometer 2026  6 

Afrobarometer employs probabilistic sampling methods.4 Each survey round consists of 1,600 

observations, making a total of 3,200 observations. Data were collected from each of 

Nigeria’s 36 states plus the Federal Capital Territory (Abuja). Respondents were at least 18 

years old and evenly distributed between men and women. The survey was implemented by 

NOIPolls, a Nigerian survey company. Interviews were conducted in English as well as local 

languages such as Pidgin English, Hausa, Igbo, and Yoruba, ensuring broader coverage of 

respondents regardless of their proficiency in English.  

4.2. Measures 

4.2.1. Dependent variable 

Oppose surveillance was derived from responses to the following question: 

Which of the following statements is closest to your view? 

Statement 1: Government should be able to monitor private communications, for 

example on mobile phones, to make sure that people are not plotting violence. 

Statement 2: People should have the right to communicate in private without a 

government agency reading or listening to what they are saying. 

Responses were measured on a scale with the following four ordinal categories: 1=Agree 

very strongly with Statement 1, 2=Agree with Statement 1, 3=Agree with Statement 2, and 

4=Agree very strongly with Statement 2. I treated respondents who agreed with neither 

statement, who refused to answer the question, or who chose the “Don’t know” response 

category as missing. This marginally reduced the sample size (by 64 observations). Because 

the first statement expresses support for government surveillance while the second does the 

opposite, I recalibrated the response categories for Statement 1 as 1=Strongly support and 

2=Support, and those for Statement 2 as 3=Oppose and 4=Strongly oppose. This allows for 

easier interpretation of the data. I also created a binary version of the dependent variable in 

which I coded the responses opposing surveillance as 1 and those supporting it as 0. I used 

this new variable to conduct a robustness check.  

Figure 1 shows that more Nigerians oppose government surveillance than support it. 

Specifically, 45% support or strongly support surveillance, while 55% oppose or strongly 

oppose it.  

Figure 1: Nigerians’ attitudes toward government surveillance 

 

The figure visualises the distribution of Nigerians’ attitudes regarding government surveillance of their 

mobile communications, based on data from Round 7 (2017) and Round 8 (2020) of the Afrobarometer 

survey in Nigeria.  

 

4 For more information on Afrobarometer’s sampling strategy, visit https://www.afrobarometer.org/surveys-
and-methods/sampling/. 
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4.2.2. Explanatory variable  

Violent conflict measures the total number of violent-conflict incidents within a 10-km radius 

(buffer) of respondents’ geolocations from 1997 until one year before the respective 

Afrobarometer surveys were conducted (see Figure 2). The cutoff of one year before the 

surveys introduces a time lag that attenuates the potential problem of reverse causation. This 

implies that for observations in Round 7, conducted in 2017, only conflict incidents from 1997 

to 2016 were considered when constructing the measure of conflict exposure. Likewise, for 

observations in Round 8, conducted in 2020, only conflict incidents between 1997 and 2019 

were included. The start year of 1997 was chosen because the ACLED data are available 

beginning in that year.5 Conflict exposure was measured over a long period because this 

study is particularly interested in the cumulative effect of violence. Moreover, research has 

shown that the effects of past conflicts tend to persist and shape present attitudes 

(Boggiano, 2024; Stojetz & Brück, 2023; Kijewski, 2020). 

Figure 2: Measuring exposure to violent conflict 

 

The figure visualises respondents’ dwellings, the 10-km buffer around those dwellings, the geolocations 

of violent-conflict incidents, and the local government area (LGA) (i.e. municipality) administrative 

boundaries. The figure was developed by the author using QGIS software.  

 

To construct this variable, I used QGIS software to integrate Afrobarometer survey data with 

ACLED conflict data (Raleigh et al., 2010). This integration was possible because both data 

sets are geocoded. Based on the ACLED classification, violent conflict is defined as any 

incident falling into one of the following three categories: battles, violence against civilians, 

or explosions/remote violence. Overall, 75% of respondents experienced at least one conflict 

incident within the 10-km buffer, and 35% experienced at least 10 incidents. 

To enrich the analysis, I developed alternative measures of conflict exposure by 

disaggregating the variable into its three subcomponents (i.e. battles, violence against 

civilians, and explosions/remote violence). This approach allows for a more nuanced 

assessment of whether the relationship between violent conflict and attitudes toward 

government surveillance varies by conflict type. In addition, I computed the total number of 

 

5 To access the ACLED data set, visit https://acleddata.com/. 

https://acleddata.com/
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fatalities resulting from violent-conflict incidents within the defined radius, shifting the focus 

from conflict incidence to conflict intensity. This additional dimension provides deeper insight 

into how the severity of violence shapes public attitudes toward surveillance. 

Although the main explanatory variables are derived from ACLED, I also developed two 

additional measures of conflict exposure using alternative conflict data sets. These 

supplementary measures were used for robustness checks, further strengthening the reliability 

of the findings. The first – Violent conflict (GTD) – measures the cumulative number of terrorist 

attacks occurring within a 10-km radius of respondents’ dwellings from 1970 until one year 

before the respective Afrobarometer surveys. These data are drawn from the Global 

Terrorism Database (GTD) (National Consortium for the Study of Terrorism and Responses to 

Terrorism, 2022).6 The start year of 1970 was chosen because GTD data are available from 

that point onward. The second variable – Violent conflict (UCDP) – is based on the Uppsala 

Conflict Data Program’s Georeferenced Events Dataset (UCDP-GED) (Sundberg & Melander, 

2013).7 It measures the total number of conflict incidents occurring within the 10-km buffer 

from 1989 until one year before the respective Afrobarometer surveys. 

Notably, unlike ACLED and GTD, the UCDP data set records only conflict events that resulted 

in at least one fatality. All variables were standardised prior to inclusion in the regression 

models, allowing for a more meaningful comparison across models. A potential limitation of 

these various measures of conflict exposure is that they do not account for migration. For 

example, violence has the capacity to displace people from their dwellings, which may 

undermine the “efficiency” of the exposure measure that spatially links respondents to the 

cumulative number of conflict incidents around their geolocations. However, this 

displacement effect may not seriously undermine the accuracy of the explanatory variable 

for three reasons: First, research has shown that Nigerians living in conflict zones may choose 

to remain there despite the threat of violence because they are reluctant to leave their 

ancestral lands (Olumba, 2025). Second, persistent exposure to violence has been found to 

lead to its normalisation; consequently, rather than fleeing the conflict zone, many individuals 

devise coping strategies that enable them to carry on with their daily lives despite the 

prevailing security threats (Tuki, 2024a). Finally, if the mechanism through which exposure to 

violent conflict shapes surveillance attitudes is transmitted via the inculcation of communal 

norms, then individuals may adopt the cultural frames of the areas they relocate to, 

regardless of whether they were physically present when the conflict event occurred.  

4.2.3. Control variables 

Trust in government index captures trust in the three arms of government and was derived 

from the following question: How much do you trust each of the following, or haven’t you 

heard enough about them to say: (a) The president? (b) The National Assembly? (c) Courts 

of law? Responses to each item were measured on a scale with four ordinal categories, 

ranging from 0=Not at all to 3=A lot. To create the index, I summed the ordinal values 

assigned to the responses across the three items. The resulting indicator ranges from 0 to 9, 

with higher values denoting greater levels of trust. The three items exhibited strong internal 

reliability, with a Cronbach’s alpha of 0.76.  

A glance at Figure 3 shows that Nigerians generally have low levels of trust in the three 

branches of government, especially in the legislative arm. More than four in 10 Nigerians 

(43%) report no trust at all in the National Assembly, while the corresponding figures for the 

president and the courts are 32% and 28%, respectively. At the other extreme of the response 

scale, only 8% of Nigerians trust the National Assembly “a lot,” while the figures for the 

president and the courts are 24% and 12%, respectively. 

  

 

6 To access the GTD data set and codebook, visit https://www.start.umd.edu/gtd. 
7 To access the UCDP data set and codebook, visit https://ucdp.uu.se/downloads/. 

https://www.start.umd.edu/gtd
https://ucdp.uu.se/downloads/
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Figure 3: Nigerians’ trust in the three branches of government 

 

The figure visualises the distribution of responses to a question asking respondents how much they trust 

the president, National Assembly, and courts, based on data from Round 7 (2017) and Round 8 (2020) 

of the Afrobarometer survey in Nigeria.  

 

I controlled for trust in government because it could confound the relationship between the 

dependent and explanatory variables. Individuals who distrust the government may oppose 

surveillance due to concerns that such tools could be used to serve the interests of political 

elites rather than to protect the public (Kao & Sapp, 2022). Conversely, distrust in government 

can contribute to conflict by eroding state legitimacy. When a significant portion of the 

population no longer perceives the state as a legitimate authority – perhaps due to beliefs 

that it is corrupt or unjust – this can lead to political polarisation, heightened tensions among 

groups, and even insurgencies or rebellions (Tuki, 2024b).  

Trust security agencies index is an additive indicator that measures the extent to which 

respondents trust the police and army. Responses to the two items are measured on a scale 

ranging from 0=Not at all to 3=A lot. Nigerians generally exhibit higher levels of distrust in the 

police than the army, with 49% expressing no trust at all in the former, compared to 20% for 

the latter. By contrast, only 9% report complete trust in the police, while 23% express 

complete trust in the army. I developed the index by summing the ordinal values associated 

with the responses across the two items to form an indicator ranging from 0 to 6, with higher 

values denoting higher levels of trust. The two items had a Cronbach’s alpha statistic of 0.65. 

This variable is also a potential confounder, as individuals with low trust in security institutions 

may oppose surveillance, perceiving it as ineffective or prone to misuse due to 

incompetence or corruption. Conversely, distrust in the police and the army can contribute 

to conflict by fostering the belief that security agencies will not act impartially during 

disputes. This lack of confidence may lead people to take justice into their own hands, 

thereby escalating the risk of retaliatory attacks (Kwaja & Ademola-Adelehin, 2017; Bagu & 

Smith, 2017). 

Following Mattes, Bratton, and Davids (2002), Lived Poverty Index was derived from five items 

asking respondents about the frequency with which they or members of their households 

went without the following necessities during the past year: enough food, enough clean 

water, enough cooking fuel, medical care, and a cash income. Responses to each item 

were measured on a scale with five ordinal categories ranging from 0=Never to 4=Always. I 

constructed an additive indicator by summing the ordinal values assigned to the response 

categories across the five items. The resulting index ranges from 0 to 20, with higher values 

indicating greater levels of poverty. The five items demonstrated strong internal reliability, as 

reflected in a Cronbach’s alpha statistic of 0.86. 

Poverty may influence surveillance attitudes in two ways. First, it may increase support for 

such measures because poor individuals are often concentrated in areas characterised by 

higher levels of crime and insecurity. Consequently, they may perceive surveillance as a tool 

for enhancing public safety, especially in contexts where state capacity is weak and they 

cannot afford private security. Second, poverty may reduce support for these initiatives, as 

8%

12%

24%

18%

26%

18%

31%

34%

26%

43%

28%

32%

0% 20% 40% 60% 80% 100%

National Assembly

Courts

President

A lot Somewhat Just a little Not at all



 

Afrobarometer Working Papers 

 

 

Copyright ©Afrobarometer 2026  10 

the higher levels of insecurity in poor neighbourhoods might mean that these areas are more 

heavily policed. As a result, individuals residing here may be more subjected to discrimination 

and profiling. This can erode trust in the government and its security agencies, and 

consequently reduce support for government surveillance. Conversely, poverty can also 

influence the onset of violent conflict by generating frustration, hopelessness, and grievances 

– emotions that rebel leaders often exploit to mobilise support for conflict (Stewart, 2000).  

Educational level ranges from 0=No formal education to 9=Postgraduate. Educated 

individuals tend to be more aware of their legal and constitutional rights, including the right 

to privacy. Such awareness often leads them to be more critical of government surveillance 

practices that encroach on personal freedoms. In addition, education fosters critical 

thinking, making educated individuals more sceptical of authority and more vigilant about 

potential government overreach (Maineri, Achterberg, & Luijkx, 2022). On the other hand, 

low levels of education can increase the risk of conflict. Individuals with limited education 

often face restricted employment opportunities and higher rates of poverty. These economic 

constraints can make them particularly vulnerable to recruitment by armed groups (Collier & 

Hoeffler, 2000). 

Christian affiliation is a dummy variable coded as 1 if respondents are Christian and 0 if they 

self-identify as Muslim. As most Nigerians are either Muslim or Christian, and although a few 

respondents reported that they practice a traditional religion, I treated those responses as 

missing observations in order to allow for a direct comparison between the two primary 

groups.8 Because Christians tend to interpret the country's violent conflicts through a religious 

lens (Koopmans et al., 2026; Tuki, 2025b), they may be more likely to oppose government 

surveillance. Furthermore, their perceptions of these conflicts as attacks on their religious in-

group instead of the nation may undermine rally effects. 

Demographic attributes include respondents’ gender and age. Gender is coded as 1 for 

male and 0 for female. Age is measured in years. These controls were included in the 

regression model because the outcome is measured at the individual level.  

Table 1 presents the summary statistics of the variables used to estimate the regression 

model.  

4.3. Analytical technique 

To examine the relationship between exposure to violent conflict and Nigerians’ attitudes 

toward government surveillance, I consider a model of the following general form:  

𝛾𝑖𝑗𝑘 =  0 +  1𝑉𝑖𝑜𝑙𝑒𝑛𝑡 𝑐𝑜𝑛𝑓𝑙𝑖𝑐𝑡𝑖 + 2′𝑖 + 𝑗 + 𝑘 + 𝜇𝑖  (1) 

In this equation, 𝛾𝑖𝑗 is the dependent variable that measures the degree to which 

Respondent 𝑖 who resides in State 𝑗 opposes government surveillance in Year 𝑘; ′𝑖 is a vector 

of control variables; 0 is the intercept; 1 and 2 are the coefficients of the explanatory and 

control variables, respectively; 𝑗 denotes fixed effects for the states in which respondents 

reside. They account for time-invariant factors unique to those states that could confound 

the relationship between the explanatory and control variables (e.g. physical geography, 

contiguity with the national border, distance to Nigeria’s federal capital, natural resource 

endowments, etc.). 𝑘 denotes fixed effects for the survey year, which captures nationwide 

trends that could influence attitudes toward surveillance such as changes in privacy and 

security policies implemented by the federal government. Finally, 𝜇𝑖 is the error term.  

Because the dependent variable has four ordinal categories, I estimated the model using an 

ordered logit (Ologit) regression. A benefit of using this approach is that it respects the 

dependent variable’s ordinal nature, allowing me to determine the association between the 

explanatory variable and each category of the dependent variable. Nevertheless, I still 

conducted robustness checks using ordinary least squares (OLS) regression and linear 

 

8 Muslims and Christians accounted for 46% and 54%, respectively, of the sample.  
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probability model (LPM) as alternative estimation methods. In the latter model, I employed a 

binary operationalisation of the dependent variable.  

Table 1: Descriptive statistics (Nigeria) 

Variable 
Number of 

observations 
Mean 

Standard 

deviation 
Minimum Maximum 

Oppose surveillance 3,135 2.66 1.211 1 4 

Oppose surveillance (binary) 3,135 0.555 0.497 0 1 

Violent conflict 3,191 50.987 132.207 0 944 

Violent conflict† 3,191 0 1 -0.386 6.755 

Violence against civilians 3,189 14.387 33.586 0 188 

Violence against civilians† 3,189 0 1 -0.428 5.169 

Battles 3,189 13.772 37.3 0 241 

Battles† 3,189 0 1 -0.369 6.092 

Explosions 3,189 4.435 20.621 0 160 

Explosions† 3,189 0 1 -0.215 7.544 

Total fatalities 3,191 186.977 706.755 0 5220 

Total fatalities† 3,191 0 1 -0.265 7.121 

Violent conflict (GTD) 3,189 17.551 70.139 0 531 

Violent conflict (GTD)† 3,189 0 1 -0.25 7.32 

Violent conflict (UCDP) 3,189 13.009 52.355 0 400 

Violent conflict (UCDP)† 3,189 0 1 -0.248 7.392 

Trust government index 3,053 3.406 2.53 0 9 

Trust security agencies index 3,136 2.401 1.776 0 6 

Lived Poverty Index 3,181 5.865 4.653 0 20 

Christian (Ref.: Muslim) 3,183 0.538 0.499 0 1 

Educational level 3,189 4.366 2.22 0 9 

Male (Ref.: Female) 3,199 0.501 0.5 0 1 

Age 3,197 33.412 12.81 18 85 

Notes:  denotes the dependent variable. “Oppose surveillance (binary)” is a reduced form of the dependent 
variable. † denotes variables that have been standardised. “Ref.” denotes the reference category. The table is 
based on data from Round 7 (2017) and Round 8 (2020) of the Afrobarometer survey in Nigeria. 

5. Results 

5.1. Main results 

Table 2 reports the results of ordered logit regression models examining the correlation 

between exposure to violent conflict and Nigerians’ attitudes toward surveillance. In Model 

1, which includes only violent conflict as a predictor, the variable has a positive coefficient 

and is statistically significant at the 5% level. This result, which supports Hypothesis 2a, suggests 

that higher exposure to violent conflict is associated with an increase in the likelihood of 

opposing surveillance. The finding is robust to the inclusion of control variables (Model 2), as 

well as state and year fixed effects (Model 3). Notably, Model 3 has the lowest AIC statistic 

(7,782), indicating that it provides a better fit than the preceding models. Among the control 

variables in this model, only age and gender reach statistical significance. The negative 

coefficient for gender indicates that, compared to women, men are less likely to oppose 

government surveillance. Likewise, the negative coefficient for age suggests that older 

individuals are less likely to oppose government surveillance.  

To determine whether the relationship between violent conflict and surveillance attitudes 

varies by religious affiliation, I introduce an interaction term in Model 4 by multiplying violent 

conflict by Christian affiliation. The interaction term does not reach statistical significance, 
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suggesting that the association between violence and surveillance attitudes does not vary 

between Muslims and Christians. In other words, I find no support for Hypothesis 2b.  

Finally, in Model 5, I use a binary version of the dependent variable to estimate a linear 

probability model (LPM). In this model, violent conflict maintains a positive coefficient, and its 

statistical significance increases to the 1% level. Specifically, a 1-standard-deviation increase 

in violent conflict increases the probability of opposing surveillance by 4.6 percentage points. 

Notably, the results reported in Table 2 still hold when I use OLS as an alternative estimation 

method (see Table A1 in the Appendix).   

Table 2: Ordered logit models regressing surveillance attitudes on exposure                         

to violent conflict in Nigeria 

Oppose surveillance (1) (2) (3) (4) (5) 

Violent conflict† 0.081** 0.091** 0.141** 0.125** 0.046*** 
   (0.036) (0.039) (0.067) (0.058) (0.016) 
Violent conflict × Christian    0.037  
    (0.059)  
Christian (Ref.: Muslim)  0.274** 0.051 0.045 0.005 
    (0.119) (0.147) (0.149) (0.037) 
Trust government index  -0.03 -0.029 -0.03 -0.004 
    (0.022) (0.023) (0.023) (0.006) 
Trust security agencies index  0.023 0.019 0.019 0.008 
    (0.029) (0.03) (0.03) (0.006) 
Lived Poverty Index  -0.003 0.001 0.00 0.002 
    (0.01) (0.011) (0.011) (0.003) 
Education level  -0.004 0.004 0.004 0.001 
    (0.019) (0.019) (0.019) (0.005) 
Male (Ref.: Female)  -0.144 -0.155* -0.155* -0.033 
    (0.088) (0.09) (0.09) (0.026) 
Age  -0.004* -0.004* -0.004* -0.001** 
    (0.002) (0.002) (0.002) (0.001) 
Constant     0.814*** 
       (0.062) 
Intercept 1 -1.054*** -1.229*** -2.036*** -2.049***  
   (0.067) (0.156) (0.227) (0.234)  
Intercept 2 -0.219*** -0.38** -1.164*** -1.177***  
   (0.06) (0.148) (0.208) (0.216)  
Intercept 3 0.568*** 0.423** -0.337 -0.35  
   (0.081) (0.179) (0.228) (0.236)  

Year fixed effects No No Yes Yes Yes 
State fixed effects No No Yes Yes Yes 
Observations 3,127 2,929 2,929 2,929 2,929 
Pseudo R2 or R2 -4212.552 -3934.745 -3880.236 -3880.106  
Log pseudolikelihood 0.001 0.005 0.019 0.019 0.045 
AIC statistic 8433.104 7891.49 7782.471 7784.211 4101.334 
BIC statistic 8457.296 7957.297 7848.278 7856 4155.175 

Notes:  denotes the dependent variable. † denotes variables that have been standardised. Clustered 

robust standard errors are in parentheses. ***p<0.01, **p<0.05, *p<0.10. Models 1 to 3 are estimated 

using ordered logit regression, while Model 5 is estimated using linear probability model. The dependent 

variable in models 1 to 4 measures opposition to government surveillance on a scale with four ordinal 

categories, while the dependent variable in Model 5 measures this attribute binarily. The regressions are 

based on data from Round 7 (2017) and Round 8 (2020) of the Afrobarometer survey in Nigeria. 

AIC=Akaike information criterion; BIC=Bayesian information criterion. 
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To illustrate the magnitude of the association between violent conflict and surveillance 

attitudes among the Nigerian population, I plot the predicted probabilities in Figure 4. A 

glance at this figure shows that the association is strongest in the extreme response 

categories of the dependent variable, “Strongly support” and “Strongly oppose.” 

Specifically, a 1-standard-deviation increase in the number of violent-conflict incidents within 

a 10-km radius of respondents’ dwellings increases the probability of “strongly opposing” 

surveillance by 3.1 percentage points. Conversely, it reduces the probability of “strongly 

supporting” surveillance by 2.6 percentage points. Taken together, these results provide 

further support for Hypothesis 2a, which posits that increased exposure to violent conflict is 

related to lower support for government surveillance. 

Figure 4: Predicted probabilities: Violent conflict and surveillance attitudes in Nigeria 

 

Notes: The figure, based on Model 3 in Table 2, visualises the association between violent conflict and 

each category of the dependent variable, which measures Nigerians’ attitudes toward government 

surveillance. Confidence intervals are set at the 95% level. The figure is based on data from Round 7 

(2017) and Round 8 (2020) of the Afrobarometer survey in Nigeria.  

5.2. Robustness checks 

The measure of conflict exposure used in the models reported in Table 2 is broad, 

encompassing incidents classified as battles, violence against civilians, and 

explosions/remote violence. This breadth may conceal important heterogeneities, as 

Nigerians’ attitudes toward surveillance could vary depending on the type of violence they 

experience. To address this concern, I disaggregate the explanatory variable and estimate 

regression models using its three constituent subcomponents (see Table 3). As shown in 

models 1, 2, and 3, exposure to incidents categorised as battles, violence against civilians, 

and explosions are each positively correlated with opposition to government surveillance, 

providing further support for Hypothesis 2a. 

Next, I shift the focus of the analysis from the incidence of violent conflict to its intensity. To 

measure conflict intensity, I compute the total number of fatalities resulting from violent-

conflict incidents occurring within a 10-km radius of each respondent’s dwelling. This variable 

– Total fatalities – is statistically significant at the 1% level and has a positive coefficient 

(Model 4). Finally, to assess whether the findings are sensitive to the source of conflict data, I 

replicate the analyses using two alternative measures of conflict exposure derived from the 

GTD and UCDP-GED. As shown in models 5 and 6, both measures are positively correlated 
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with opposition to surveillance and are statistically significant. Notably, the magnitude of the 

coefficients across all reported models fall within a narrow range (0.13-0.17), rendering them 

comparable. 

Table 3: Ordered logit models regressing surveillance attitudes on alternative 

measures of conflict exposure in Nigeria 

Oppose surveillance          (1) (2) (3) (4) (5) (6) 

Battles† 0.142**      
   (0.058)      
Violence against civilians†  0.132**     
    (0.058)     
Explosions†   0.178***    
   (0.02)    
Total fatalities†    0.142***   
      (0.036)   
Violent conflict (GTD)†     0.173***  
       (0.024)  
Violent conflict (UCDP) †      0.162*** 
        (0.024) 
Intercept 1 -2.024*** -2.031*** -2.036*** -2.004*** -2.039*** -2.032*** 
   (0.227) (0.224) (0.224) (0.222) (0.223) (0.224) 
Intercept 2 -1.151*** -1.159*** -1.163*** -1.132*** -1.166*** -1.159*** 
   (0.207) (0.204) (0.204) (0.202) (0.204) (0.204) 
Intercept 3 -0.326 -0.333 -0.336 -0.306 -0.34 -0.333 
   (0.226) (0.224) (0.219) (0.218) (0.219) (0.22) 

Control variables Yes Yes Yes Yes Yes Yes 
Year fixed effects Yes Yes Yes Yes Yes Yes 
State fixed effects Yes Yes Yes Yes Yes Yes 
Observations 2,927 2,927 2,927 2,929 2,927 2,927 
Pseudo R2 0.019 0.018 0.019 0.018 0.019 0.019 
Log pseudolikelihood -3877.667 -3878.161 -3875.886 -3881.291 -3876.319 -3877.252 
AIC statistic 7777.334 7778.321 7773.772 7784.581 7774.639 7776.504 
BIC statistic 7843.133 7844.12 7839.572 7850.388 7840.438 7842.303 

Notes:  denotes the dependent variable. † denotes variables that have been standardised. Clustered 

robust standard errors are in parentheses. ***p<0.01, **p<0.05, *p<0.10. All models are estimated using 

ordered logit regression. The dependent variable measures opposition to government surveillance on a 

scale with four ordinal categories. The control variables include trust in government, trust in police, 

poverty, educational level, religious affiliation, age, and gender. The regressions are based on data 

from Round 7 (2017) and Round 8 (2020) of the Afrobarometer survey in Nigeria. AIC=Akaike 

information criterion; BIC=Bayesian information criterion. 

5.3. External generalisability (Africa-wide analysis) 

To assess whether the findings from Nigeria generalise to the broader African context, I pool 

data from rounds 7 and 8 of the Afrobarometer surveys, which were conducted across 36 

African countries between 2016 and 2021 (N≈94,000). Table A.4 in the Appendix lists all the 

countries in the sample and the number of observations drawn from each. Additionally, 

Figure 5 plots the attitudes of African adults toward government surveillance on a bar chart. 

A glance at this figure reveals that the distribution is identical to the one based on data from 

Nigeria alone (see Figure 1). As in the Nigerian case, 45% of Africans either “support” or 

“strongly support” surveillance, while 55% either “oppose” or “strongly oppose” such a 

security measure. 
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Figure 5: Africans’ attitudes toward government surveillance 

 
Notes: The figure visualises the distribution of responses to a question probing the degree to which 

Africans support or oppose government surveillance of their private mobile communications, based on 

data from rounds 7 and 8 of the Afrobarometer survey, conducted between 2016 and 2021 across 36 

African countries.  

 

To evaluate whether the individual-level predictors operate similarly across the continent, I 

replicate the main regression results reported in Table 2 using the Africa-wide data. Table 4 

reports these findings, while Table A.2 in the Appendix presents the summary statistics of the 

variables used to estimate the regression model. In Model 1, which includes only the primary 

explanatory variable, the coefficient on violent conflict is positive and statistically significant 

at the 1% level, mirroring the Nigerian case. This result, which provides further support for 

Hypothesis 2a, indicates that, among Africans, higher exposure to violent conflict is 

associated with an increased likelihood of opposing government surveillance. When control 

variables are included in Model 2, the coefficient for violent conflict remains positive but 

becomes statistically insignificant with a p-value of 0.11.9 However, with the inclusion of 

country and year fixed effects in Model 3, violent conflict once again becomes significant at 

the 5% level while maintaining its positive direction. Notably, this model has a lower AIC 

statistic than its predecessors (210855), indicating that it has the best fit. Model 4 shows that 

the positive correlation between violent conflict and opposition to surveillance attitudes is 

robust to the use of a binary version of the dependent variable estimated via a linear 

probability model.  

Furthermore, all of the control variables except for the poverty index reach statistical 

significance. Similar to the Nigerian case, both age and the male indicator have negative 

coefficients. The negative coefficients accompanying the measures for trust in the 

government and trust in security agencies suggest that higher levels of trust in these 

institutions are associated with a lower likelihood of opposing government surveillance. 

Conversely, the positive coefficient accompanying education level indicates that, as 

individuals acquire more education, they become less likely to support government 

surveillance. Notably, these results are also largely robust to alternative measures of conflict 

exposure derived from the GTD and the UCDP-GED, with the latter displaying the expected 

positive coefficient even though it has a p-value of 0.19 (see Table A.3 in the Appendix). 

 

9 Including control variables exacerbates the problem of listwise deletion, leading to a decline in the number of 
observations from 90,478 to 80,272. This reduction is driven mainly by the inclusion of the index measuring 
trust in government. A substantial number of respondents refused to answer questions regarding their level of 
trust in the president, the National Assembly, and the courts – observations that I treated as missing.  
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Table 4: Ordered logit models regressing attitudes toward government surveillance 

on exposure to violent conflict in Africa 

Oppose surveillance             (1) (2) (3) (4) 

    Ologit Ologit Ologit LPM 

Violent conflict† 0.063*** 0.031 0.045** 0.012*** 
   (0.02) (0.02) (0.02) (0.005) 
Trust in government index  -0.041*** -0.035*** -0.009*** 
    (0.011) (0.009) (0.003) 
Trust security agencies index  -0.062*** -0.051*** -0.014*** 
    (0.014) (0.01) (0.003) 
Lived Poverty Index  -0.008* -0.003 -0.001 
    (0.005) (0.004) (0.001) 
Educational level  0.082*** 0.061*** 0.016*** 
    (0.011) (0.009) (0.002) 
Male (Ref.: Female)  -0.063*** -0.052*** -0.014*** 
    (0.015) (0.015) (0.004) 
Age  -0.002** -0.003*** -0.001*** 
    (0.001) (0.001) (0.00) 
Constant    0.318*** 
      (0.04) 
Intercept 1 -1.038*** -1.304*** 0.06  
   (0.073) (0.072) (0.139)  
Intercept 2 -0.214*** -0.467*** 0.925***  
   (0.066) (0.073) (0.141)  
Intercept 3 0.581*** 0.331*** 1.746***  
   (0.061) (0.077) (0.145)  

Year fixed effects No No Yes Yes 
Country fixed effects No No Yes Yes 
Observations 90,478 80,272 80,272 80,272 
Pseudo R2 or R2  0.002 0.012 0.026 0.064 
Log pseudolikelihood -122009.89 -106954.52 -105414.51  
AIC statistic 244027.8 213929 210855 110471.5 
BIC statistic 244065.4 214022 210975.8 110573.8 

Notes:  denotes the dependent variable. † denotes variables that have been standardised. Clustered 

robust standard errors are in parentheses. ***p<0.01, **p<0.05, *p<0.10. All models are estimated using 

ordered logit regression except for Model 4, which is estimated using linear probability model. The 

dependent variable in all the models measures opposition to government surveillance on a scale with 

four ordinal categories except in Model 4, where it is measured binarily. The table is based on data 

from Round 7 (2017) and Round 8 (2020) of the Afrobarometer survey in Nigeria. AIC=Akaike 

information criterion; BIC=Bayesian information criterion. 

 

To illustrate the magnitude of the association between conflict exposure and opposition to 

surveillance in Africa, I plot the predicted probabilities in Figure 6. A glance at this figure 

shows that, as in the Nigerian case (see Figure 4), the association between violent conflict 

and attitudes toward surveillance is strongest in the extreme response categories of the 

dependent variable – “strongly oppose” and “strongly support.” Specifically, a 1-standard-

deviation increase in the number of violent conflicts within a 10-km radius of respondents’ 

dwellings increases the likelihood of selecting the “strongly oppose” category by 1 

percentage point when respondents are asked about their attitudes toward government 

surveillance. Conversely, it reduces the likelihood of choosing the “strongly support” 

category by 0.84 percentage points. Notably, the magnitude of these associations in the 

broader African context is substantially smaller than that observed in the Nigerian case. 
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Figure 6: Predicted probabilities: Violent conflict and surveillance attitudes in Africa 

 

The figure, based on Model 3 in Table 4, visualises the association between violent conflict and each 

category of the dependent variable, which measures Africans’ attitudes toward government 

surveillance. Confidence intervals are set at the 95% level. The figure is based on data from rounds 7 

and 8 of the Afrobarometer survey, conducted between 2016 and 2021 across 36 African countries.  

6. Discussion 

The main result from the regression analysis is that the more Nigerians are exposed to violent 

conflict, the higher their likelihood of opposing government surveillance, Notably, this finding, 

which supports Hypothesis 2a, contradicts studies in non-African contexts that argue that 

heightened security threats increase public support for policies that erode democratic norms 

and civil liberties (e.g. Dietrich & Crabtree, 2019; Su et al., 2022). The positive association 

between conflict exposure and opposition to surveillance observed among the Nigerian 

population may instead be rooted in widespread distrust of government institutions. When 

individuals perceive the state as ineffective, corrupt, unaccountable, and partly responsible 

for some of the violence they are facing, they become less likely to trust the government. 

Under such conditions, citizens become especially reluctant to relinquish civil liberties and 

support state surveillance.  

Consistent with this argument, data from Afrobarometer Round 8 provide evidence of 

widespread distrust toward political elites and security institutions. In this survey, respondents 

were asked: How many of the following people do you think are involved in supporting and 

assisting the extremist groups that have launched attacks and kidnappings in Nigeria, or 

haven’t you heard enough about them to say: (a) Senior officials in the federal and central 

government? (b) Members of the National Assembly? (c) Local government officials? (d) 

Members of the Nigerian military? The responses were measured on a four-point Likert scale 

ranging from “None” to “All of them.” 

Figure 7 displays the responses to these four questions in a stacked bar chart. A glance at the 

figure shows that most Nigerians associate government officials with extremist activities to 

some degree. Specifically, 67% of Nigerians believe that at least some senior officials in the 

federal government are involved in supporting extremist groups that have caused violence 

across the country. The corresponding figures for members of the National Assembly, local 

government councils, and the military are 67%, 60%, and 65%, respectively. Whether or not 
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these beliefs are accurate, they reveal a fundamental lack of confidence and trust in the 

government and security institutions. Moreover, such beliefs are likely to influence citizens’ 

behaviour and their perceptions of these institutions. Given this context, it should not be 

surprising that greater exposure to violence is associated with increased opposition to 

government surveillance. It would be irrational for Nigerians to relinquish their civil liberties in 

exchange for protection from the very institutions they believe are contributing to this 

insecurity. 

Figure 7: Nigerians’ beliefs regarding the involvement of government officials and 

the military in supporting extremist organisations  

 
The figure visualises responses to a question asking respondents how much they believe government 

officials and the military are involved in supporting extremist groups, based on about 1,600 observations 

from Round 8 (2020) of the Afrobarometer survey in Nigeria.  

 

Furthermore, since the introduction of compulsory SIM card registration in Nigeria in 2010, 

which was accompanied by the promise that this would enhance security across the 

country, the incidence of violent conflict has instead increased. This is likely to make 

Nigerians more reluctant to support intrusive surveillance measures, especially given their 

beliefs that government officials and security institutions are involved in perpetrating this 

insecurity.  Figure 8 shows the trend of violent conflict in Nigeria between 2000 and 2024. In 

2010, when the compulsory SIM card registration began, 318 violent-conflict incidents were 

recorded. In 2011, the incidence dipped to 266 before rising to 668 the following year. The 

incidence of violence then rose steadily between 2016 and 2020, climbing from 698 to 2,612 

incidents, which is equivalent to a growth of 274%. Notably, since 2020, when the 

government mandated that every mobile-phone subscriber link their SIM cards to their 

national identification number – again with the promise that this was aimed at improving 

security – the incidence of violence across the country has continued to rise, with 4,085 

incidents recorded in 2024 alone. 

It is also important to note that the negative correlation observed between violent-conflict 

exposure and support for government surveillance is not unique to Nigeria, as it also applies 

to the broader African context. While the explanations anchored on distrust of the state are 

equally plausible in this wider setting,10 another overarching explanation linking both contexts 

 

10 Data from Round 8 (2019/2021) of the Afrobarometer survey show that 23% of Africans express no trust at all 
in their presidents. The figures for the National Assembly, police, and army are 25%, 26%, and 15%, respectively. 
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is that individuals in conflict zones already contend with the restriction of their civil liberties via 

the imposition of curfews, security checkpoints, and a heavy security presence. 

Consequently, they may be reluctant to relinquish any more of their civil liberties to the 

government to monitor their private lives via surveillance – even if it is presented as a 

measure for addressing insecurity. Moreover, citizens might worry that the state might not use 

surveillance for the purpose of enhancing security but instead deploy it to monitor political 

opponents, activists, and critics of the government. Opposition might be particularly strong 

among individuals in conflict zones because, within these fragile environments, state security 

agencies routinely operate with heightened authority and diminished oversight under the 

guise of counterterrorism and public safety. Consequently, residents of these areas are 

acutely aware of how easily such emergency powers could be repurposed from tracking 

insurgents to targeting activists and political opponents. 

Figure 8: Trend of annual violent-conflict incidents in Nigeria (2000-2024) 

 
The figure displays the annual trend of violent-conflict incidents in Nigeria from 2000 to 2024. Based on 

ACLED data, violent conflict is defined as any incident categorised as a battle, violence against 

civilians, or explosions/remote violence.  

7. Conclusion 

This study investigated the relationship between exposure to violent conflict and attitudes 

toward government surveillance in Nigeria and the broader African context using data from 

the Afrobarometer surveys. Regression analysis revealed that, in both contexts, the more 

citizens were exposed to violent conflict, the more likely they were to oppose government 

surveillance. These results are robust across various measures of conflict exposure and 

opposition to government surveillance, as well as alternative estimation methods. These 

findings are particularly noteworthy because studies in non-African contexts have found the 

opposite relationship – individuals facing security threats often accept some erosion of civil 

liberties in exchange for enhanced security. 

This opposition to government surveillance observed among individuals exposed to violent 

conflict in the Nigerian and broader African contexts can be explained by a lack of trust in 

the government. When citizens believe that the state is corrupt, unaccountable, 

incompetent, or likely to abuse its surveillance powers, they might be hesitant to support such 

measures, despite the threat of insecurity. Moreover, given that the civil liberties of individuals 

in fragile contexts may already be undermined via curfews, checkpoints, and a heavy 
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security presence, they are likely to be reluctant to grant further leverage to the government 

by supporting surveillance.  

These findings carry important policy implications. First, they underscore the critical role of 

institutional trust in the success of security policies. Where government and security institutions 

are perceived as corrupt and unaccountable, expanded surveillance powers are likely to be 

interpreted as tools for political repression and exploitation rather than security provision. 

Second, these results highlight the importance of tailoring security policies to suit the unique 

conditions of local contexts. This is evident in the divergence of the results between the 

African continent and non-African contexts. Consequently, surveillance policies modelled on 

the counterterrorism experiences of older democracies (such as Western industrialised 

countries) may fail or even backfire in settings characterised by low levels of government 

trust, coercive state practices, and weak state capacity. 

Finally, this study opens up areas for further research. Future quantitative designs can address 

potential challenges regarding causal identification, such as reverse causality, by using 

experimental and quasi-experimental approaches. While this study has argued that violence 

could increase the likelihood of opposing surveillance, the reverse is also possible. For 

instance, when citizens oppose state surveillance due to distrust in the government and 

security institutions, this can limit intelligence sharing between citizens and security agencies. 

Operating on insufficient information, security forces are more likely to conduct heavy-

handed or misdirected military operations that harm civilians – ultimately fostering hostility 

toward security agencies, generating grievances, and driving recruitment into militant 

factions. Furthermore, while the use of large-scale quantitative data provides the benefit of 

scope and generalisability, qualitative studies employing methods such as in-depth 

interviews and focus-group discussions are required to adequately capture the depth of 

individual experiences and understand the mechanisms underlying these observed 

associations. 
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Appendix 

Nigeria analysis 

Table A.1: Replicating the analysis for Nigeria in Table 2 using OLS 

Oppose surveillance                  (1)   (2)   (3)   (4) 

Violent conflict† 0.059*** 0.067*** 0.101** 0.093** 
   (0.021) (0.022) (0.044) (0.041) 
Violent conflict × Christian    0.016 
    (0.033) 
Christian (Ref.: Muslim)  0.173** 0.026 0.024 
    (0.079) (0.098) (0.099) 
Trust in government index  -0.017 -0.017 -0.017 
    (0.014) (0.014) (0.014) 
Trust security agencies index  0.014 0.011 0.011 
    (0.018) (0.019) (0.019) 
Lived Poverty Index  -0.001 0.001 0.001 
    (0.007) (0.007) (0.007) 
Educational level  -0.003 0.001 0.001 
    (0.013) (0.013) (0.013) 
Male (Ref.: Female)  -0.093 -0.097 -0.097 
    (0.06) (0.06) (0.06) 
Age  -0.003* -0.003* -0.003* 
    (0.002) (0.002) (0.002) 
Constant 2.658*** 2.754*** 3.281*** 3.286*** 
   (0.039) (0.104) (0.149) (0.153) 

Year fixed effects No No Yes Yes 
State fixed effects No No Yes Yes 
Observations 3,127 2,929 2,929 2,929 
R-squared 0.002 0.012 0.047 0.047 
AIC statistic 10068.04 9402.603 9298.934 9300.821 
BIC statistic 10080.14 9456.445 9352.776 9360.645 

Notes:  denotes the dependent variable. † denotes variables that have been standardised. Clustered 

robust standard errors are in parentheses. ***p<0.01, **p<0.05, *p<0.10. All models are estimated using 

ordinary least squares regression. The dependent variable measures opposition to government 

surveillance on a scale with four ordinal categories. The regressions are based on data from Round 7 

(2017) and Round 8 (2020) of the Afrobarometer survey in Nigeria. AIC=Akaike information criterion; 

BIC=Bayesian information criterion. 
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Africa-wide analysis 

Table A.2: Descriptive statistics (Africa) 

Variable 
Number of 

observations 
Mean 

Standard 

deviation 
Minimum Maximum 

Oppose surveillance 90,603 2.651 1.212 1 4 

Oppose surveillance (binary) 90,603 0.553 0.497 0 1 

Violent conflict 93,782 17.905 64.983 0 1132 

Violent conflict† 93,782 0 1 -0.276 17.145 

Violent conflict (GTD) 93,782 4.664 20.465 0 530 

Violent conflict (GTD)† 93,782 0 1 -0.228 25.67 

Violent conflict (UCDP) 93,782 4.83 19.32 0 409 

Violent conflict (UCDP)† 93,782 0 1 -0.25 20.92 

Trust in government index 84,576 4.65 2.784 0 9 

Trust security agencies index  90,762 3.48 2.011 0 6 

Lived Poverty Index 92,947 6.325 4.634 0 20 

Educational level 93,453 3.473 2.273 0 9 

Age 93,849 37.105 14.863 18 120 

Male (Ref.: Female) 93,907 0.5 0.5 0 1 

Notes:  denotes the dependent variable. † denotes variables that have been standardised. The 

variable Trust in government has fewer observations because a significant number of respondents 

refused to answer the question about the extent to which they trust the three branches of government. 

This exacerbated the problem of listwise deletion in the models that included this variable. The table is 

based on data from rounds 7 and 8 of the Afrobarometer survey, conducted between 2016 and 2021 

across 36 African countries. 
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Table A.3: Replicating the analysis for Africa in Table 4 using alternative measures             

of conflict exposure 

Oppose surveillance              (1)   (2) 

Violent conflict (GTD)† 0.029***  
   (0.009)  
Violent conflict (UCDP)†  0.03 (p = 0.11) 
  (0.019) 
Trust government index -0.035*** -0.035*** 
   (0.009) (0.009) 
Trust security agencies index -0.052*** -0.052*** 
   (0.01) (0.01) 
Lived Poverty Index -0.003 -0.003 
   (0.004) (0.004) 
Educational level 0.062*** 0.062*** 
   (0.009) (0.009) 
Male (Ref.: Female) -0.052*** -0.052*** 
   (0.015) (0.015) 
Age -0.003*** -0.003*** 
   (0.001) (0.001) 
Intercept 1 0.061 0.057 
   (0.14) (0.141) 
Intercept 2 0.925*** 0.921*** 
   (0.142) (0.143) 
Intercept 3 1.747*** 1.743*** 
   (0.146) (0.147) 

Year fixed effects Yes Yes 
Country fixed effects Yes Yes 
Observations 81,037 81,037 
Pseudo R2 or R2  0.022 0.022 
Log pseudolikelihood -106841.51 -106855.58 
AIC statistic 213709 213737.2 
BIC statistic 213709 213858.1 

Notes:  denotes the dependent variable. † denotes variables that have been standardised. Clustered 

robust standard errors are in parentheses. ***p<0.01, **p<0.05, *p<0.10. All models are estimated using 

ordinary least squares regression. The dependent variable measures opposition to government 

surveillance on a scale with four ordinal categories except in Model 4, where it is measured binarily. The 

table is based on data from rounds 7 and 8 of the Afrobarometer survey, conducted between 2016 

and 2021 across 36 African countries. AIC=Akaike information criterion; BIC=Bayesian information 

criterion. 
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Table A.4: List of 36 African countries in sample 

Country 
Number of 

observations 
Percent 

Angola 2,400 2.56 

Benin 2,400 2.56 

Botswana 2,398 2.55 

Burkina Faso 2,400 2.56 

Cabo Verde 2,400 2.56 

Cameroon 2,402 2.56 

Côte d’Ivoire 2,400 2.56 

Eswatini 2,400 2.56 

Ethiopia 2,378 2.53 

Gabon 2,399 2.55 

The Gambia 2,400 2.56 

Ghana 4,800 5.11 

Guinea 2,394 2.55 

Kenya 3,999 4.26 

Lesotho 2,400 2.56 

Liberia 2,400 2.56 

Madagascar 1,200 1.28 

Malawi 2,400 2.56 

Mali 2,400 2.56 

Mauritius 2,400 2.56 

Morocco 2,400 2.56 

Mozambique 3,502 3.73 

Namibia 2,400 2.56 

Niger 2,399 2.55 

Nigeria 3,199 3.41 

São Tomé and Príncipe 1,200 1.28 

Senegal 2,400 2.56 

Sierra Leone 2,400 2.56 

South Africa 3,440 3.66 

Sudan 3,000 3.19 

Tanzania 4,798 5.11 

Togo 2,400 2.56 

Tunisia 2,399 2.55 

Uganda 2,400 2.56 

Zambia 2,400 2.56 

Zimbabwe 2,400 2.56 

Total 93,907 100.00 

The table is based on data from rounds 7 and 8 of the Afrobarometer survey, conducted across 36 

African countries between 2016 and 2021. 

  



 

Afrobarometer Working Papers 

 

Copyright ©Afrobarometer 2026  29 

Recent Afrobarometer working papers 

No. 228 Nani, H., Kogbedji, U. S., Lafounlou, T. D., & Soumanou, I. Institutional trust and citizen participation 
in Benin. 2026 

No. 227 Diallo, I., Diakité, N., Sene, B., & Sene, O. Digital exclusion and access to basic services in West Africa: 
Disentangling individual from territorial effects. 2026 

No. 226 Ohamadike, N. Does lived poverty increase social intolerance in Africa? 2026  

No. 225 Wonderford, C. K. Corruption perceptions and democratic attitudes: Micro-level evidence from 
Malawi. 2026 

No. 224 Lwanja, B. K., & Mwandama, R. Service delivery and political trust: A comparative analysis of 
countries in sub-Saharan Africa. 2026 

No. 223 Banda, L.G. Cross-pressured voters in Africa: Patterns of loyalty, defection, and abstention. 2026 

No. 222 Ssenkumba, M., & Yakubu, K. Political participation across generational cohorts in Uganda. 2026 

No. 221 Müller-Crepon, C., & Bormann, N.-C. Coethnics covote in Africa. 2026 

No. 220 Adera, A. Climate change and child abuse. 2026 

No. 219 Tuki, D. Religion and prejudice: Micro-level evidence from Africa. 2025 

No. 218 Ohamadike, N. The dangerous watchdog: How corruption shapes support for media scrutiny in 
Africa. 2025 

No. 217 Diallo, M.A. Insecurity and institutional trust in the context of a coup d’état: The case of Mali. 2025 

No. 216 Yameogo, S., & Neundorf, A. The impact of terrorism on democratic support in Africa. 2025 

No. 215 Tuki, D. Conflict exposure and health-care perceptions: Micro-level evidence from Africa. 2025 

No. 214       Tuki, D. Exposure to violent conflict and attitudes toward wife beating in Africa. 2025 

No. 213 Adera, A., & Melis, R. Who benefits from bank proximity? Insights on financial inclusion from 
Afrobarometer surveys in Ethiopia. 2025 

No. 212 Ohamadike, N., & Morrison, S. Demanding more: Does education increase public backing for good 
governance in Africa? 2025 

No. 211 Tuki, D., & Kwari, H. Let the poor breathe! Poverty and anti-government protests in Nigeria. 2025 

No. 210 Bouraïma, N.A.O., Diallo, M.A., & Hekponhoue, S. Determinants of institutional trust in sub-Saharan 
Africa: Does media exposure matter? 2025 

No. 209 Kern, F. G., Steinwand, M.C., & Diebire, S. Foreign policy congruence in Africa: Evidence on free 
movement and free trade. 2025 

No. 208 Mattes, R., Krönke, M., & Lockwood, S.J. Whom do African election campaigns contact? And does it 
matter? 2025 

No. 207 Yameogo, S. Proximity to riots: Spatial exposure and attitudes toward the police in Africa. 2025 

No. 206 Tuki, D. You’re not like us! Ethnic discrimination and national belonging in Nigeria. 2024 

No. 205 Tuki, D. ‘God is my refuge’: Do education and news consumption prompt Africans to put more trust 
in the COVID-19 vaccine than in prayer? 2024 

 



 

Afrobarometer Working Papers 

 

Copyright ©Afrobarometer 2026  30 

 
 
  

Afrobarometer Working Papers Series 
 

 

Editor: Jeffrey Conroy-Krutz, jconroy@afrobarometer.org   
Editorial Board: E. Gyimah-Boadi, Michael Bratton, Carolyn Logan, Robert Mattes 

Afrobarometer is a pan-African, nonpartisan survey research network that provides reliable data on African 
experiences and evaluations of democracy, governance, and quality of life. Afrobarometer’s National Partners 
conduct face-to-face interviews in the language of the respondent’s choice. 

Funding for Afrobarometer is provided by Sweden via the Swedish International Development Cooperation 
Agency, the Norwegian Agency for Development Cooperation via the World Bank Think Africa Partnership, the 
Mo Ibrahim Foundation, the Open Society Foundations - Africa, Luminate, the Ford Foundation, the William 
and Flora Hewlett Foundation, the Mastercard Foundation, the David and Lucile Packard Foundation, the 
Obama Foundation, the Rockefeller Foundation, the European Union Commission, the World Bank Group, the 
Population Institute, the Centre for International Governance Innovation, the International Development 
Research Centre, the Royal Embassy of Denmark in Uganda/Danida, the Embassy of the Kingdom of the 
Netherlands in Uganda, and the German Federal Ministry for Economic Cooperation and Development (BMZ) 
supported by the Deutsche Gesellschaft für Internationale Zusammenarbeit (GIZ) GmbH. 
 
 
 
 
 
 
 
 
 

Core partners: 
              
                    Center for Democratic                             

Development 
 (CDD-Ghana) 
Accra, Ghana 
www.cddghana.org 

 

 
Institute for Development Studies (IDS), 
University of Nairobi 
Nairobi, Kenya  
www.ids.uonbi.ac.ke 
 

 

  

Support units: 
 
 
 
 
 

 
 
 
 

 

Institute for Justice 
and Reconciliation (IJR) 
Cape Town, South Africa  
www.ijr.org.za 

J176 Anum Tessa Avenue, 
Adjiringanor, Accra, Ghana 
+233 (0) 302 776142/784293 
www.afrobarometer.org 
 

University of Malawi 
Department of Politics                 
and Government 
Zomba, Malawi 
https://unima.ac.mw/preview
-schools/department/7 

Innovante Recherche en 
Economie et Gouvernance 
(IREG) 
Abomey-Calavi, Benin  
www.iregbj.org 

Michigan State University  
Department of Political Science  

East Lansing, Michigan, U.S.A.  

www.polisci.msu.edu 

mailto:jconroy@afrobarometer.org
http://www.polisci.msu.edu/


    𝛾  i j k =    ( 0 +    ( 1   V i o l e n t   c o n f l i c t  i +  ( 2   ( ′  i +  (  j +  (  k +   𝜇  i


    𝛾  i j


  i


  j


  k


    ( ′  i


   ( 0


   ( 1


   ( 2


   (  j


   (  k


    𝜇  i

